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Regularized manifold information extreme learning machine
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Abstract: By exploiting the thought of manifold learning and its theoretical method, a regularized manifold information ex-
treme learning machine algorithm aimed to depict and fully utilize manifold information was proposed. The proposed algo-
rithm exploited the geometry and discrimination manifold information of data to perform network of ELM. The proposed
algorithm could overcome the problem of the overlap of information. Singular problems of inter-class and within-class were
solved effectively by using maximum margin criterion. The problem of inadequate learning with limited samples was solved.
In order to demonstrate the effectiveness, comparative experiments with ELM and the related update algorithms RAFELM,

GELM were conducted using the commonly used image data. Experimental results show that the proposed algorithm can
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significantly improve the generalization performance of ELM and outperforms the related update algorithms.
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